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Krizhevsky, Alex, Ilya Sutskever, and Geoffrey E. Hinton. "Imagenet classification with deep convolutional neural

networks." Advances in neural information processing systems 25 (2012).
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Jun-Yan Zhu, et al. Unpaired Image-to-Image Translation Using Cycle-Consistent Adversarial Networks, 2017.
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Tero Karras, et al. A Style-Based Generator Architecture for Generative Adversarial Networks, 2019.
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